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Abstract

A retrospective study was conducted between Sep-
tember and December 2025 in meskan district to identify 
animal health surveillance data quality gap.  The study was 
based on monthly reported DOVARs (Disease Outbreak and 
Vaccination activity reports) from January, 2020 to Novem-
ber, 2025 in the study area. From the total 71 DOVARs (Dis-
ease Outbreak and Vaccination activity reports) which are 
expected to be sent every month between January 2020 
to November 2025 G.C 17 DOVARs report were present. 
When we assessed the district DOVARs report based on 
data quality indicator completeness, accuracy and timeli-
ness. Then we see available DOVAR report, there were only 
23.9%(17/71) of data presents, from this 23.5% (4/17) were 
outbreak report, (100%) all of the reported outbreak is foot 
and mouth disease and 2%  case fatality rate recorded. The 
study shows that 41.2% (7/17) of the report were capitaliza-
tion problems, 35.3% (6/17) of report missing data such as 
phone number, designation, date and district location and 
11.8% (2/17) of report inaccurate location of district, 35.3% 
(6/17) of report were improper use DOVAR guideline, and 
also 23.5% of the district repot were received lately. In cur-
rent study, we revealed that the animal health surveillance 
system lacks accuracy, completeness and timelines. There-
fore, continuous awareness and training program needed to 
surveillance quality.
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Introduction

Outbreaks of infectious diseases pose serious threats to pub-
lic, animal, and plant health (one health) [19]. Moreover, infec-
tious disease outbreaks affect not only one health but also the 
national and international economy and trade [9]. These over-
whelming challenges highlight the need for more effective and 
efficient animal health surveillance systems. Animal health sur-
veillance is the systematic, continuous or repeated, measure-
ment, collection, collation, analysis, interpretation and timely 
dissemination of animal health and welfare-related data from 
defined populations [14]. Importantly animal health data also 
provides useful information for the timely detection of poten-
tial hazards and ensuring appropriate actions can be taken to 

safeguard public health and decision-making and priority set-
ting for control measures [7].

Surveillance data can be used to estimate the magnitude of 
specific problems, determine the distribution of illness, portray 
the natural history of a disease, generate hypotheses, stimulate 
research, evaluate control measures, monitor changes, and fa-
cilitate planning [16]. The term “data source” represents a wide 
array of materials, from reports collected using an informal data 
collection process to sources that are a result of statistically 
designed, regular data collection processes that guarantee a 
high standard of quality [15]. Surveillance data may come from 
animal production units, veterinary clinical data, and livestock 
market surveillance [12] laboratory diagnostics, sentinel surveil-
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lance, registries, surveys/research, administrative data systems 
[15], and electronic medical records [17]. Other sources of sur-
veillance data include meat inspection reports and databases 
[8,21], media sources such as PROMED-mail [21], and medicine 
prescription from the veterinary drug shops [6]. The selection 
of data sources must consider the content of data, spatial cover-
age, accessibility, data collection frequency, accuracy and cost 
[15]. The integration of data from multiple sources can provide 
a complete picture of the disease in the population by reflecting 
different aspects of the disease [5,11].

The quality of the initial data may determine the data qual-
ity at all stages of the reporting process [10]. If stakeholders 
understand the value of the data collected and the impact of 
surveillance on animal and human health, this should lead to 
improved design of surveillance activities, enhanced compli-
ance with data collection, increased likelihood of investment, 
and (ultimately) an increased probability of achieving the over-
all goal of the surveillance [13].

Timely and good quality disease surveillance data at regional 
and national levels are therefore needed to support and inform 
continuous improvements in animal health and to detect out-
breaks of disease, including emerging and zoonotic diseases 
[22]. Real-time disease reporting and surveillance as opposed to 
interval-based ‘’batch’ reporting are essential in minimising the 
impact of livestock diseases, as early notice shortens the time 
between detection and providing measures for control [18].

General objective

 	 To assess the quality and importance of DOVAR (disease 
outbreak and vaccination report) and gaps of animal dis-
eases surveillance data in study area

Specific objectives 

	 To assess two-way link between filed investigation with 
laboratory

 	 To assess way of surveillance data management, collec-
tion and reporting

Methods

Description of disease surveillance area 

The district located south west of Addis Ababa, capital city 
of Ethiopia at 130 kms. The area bordered on north, south sodo 
district and on east, east meskan district, on south, silite zone, 
and on west, gurage zone. Butajira, is capital city of the district 
and also misraqe gurage zone Geographically, located at lati-
tude of 8007’ N and longitude of 38022’ E. The area has annual 
average rainfall of 1200mm, altitude of 2131masl and T0 vary 
with 15 to 200c.

The area had rich in livestock with a total of 693294 popula-
tion of these 172891 cattle populations, 109228 sheep popula-
tion, 70936 goat population, 320944 poultry population, 6795 
horse, 315 mules, 12185 donkey (mesqan district agriculture 
Office annual report, 2024).

Data collection and management

A Retrospective study was conducted in study area both 
qualitative and quantitative approaches were used. As part of 
study, format was developed and interview the district respon-
sible professional in animal diseases surveillance system. In ad-
dition, based on national standards and data quality principles, 

achieved disease outbreak and vaccination activity reports 
(DOVAR) from 2020–2025 were examined for quality assess-
ment then recorded data transferred to excel.

Data analysis

The data transferred into a spreadsheet program (Microsoft 
excel).  Finally, analysis with descriptive statics and describe us-
ing table, histogram, chart and graph.

Result

Information obtained from the interview

Surveillance data source, collection, flow and analysis:

In the district, DOVAR is practiced and there was animal sur-
veillance data flow starting from kebel/farmer. Farmer/livestock 
owner brought sick animal to nearest vet post, the keble expert 
summit the outbreak with reporting format or by phone call 
if there is outbreak. Sometimes, the animal surveillance data 
collected by district expert. The data reported by kebele expert 
should be organized and analyzed. The analyzed surveillance 
data inter to DOVAR format and send to east gurage zone agri-
culture office then to central Ethiopia region agricultural office 
and sodo regional veterinary laboratory. Surveillance data flow 
of the district summarized as flow (Figure 1).

Figure 1: Surveillance data flow of the district.

Awareness of data use by stakeholders:

As we consider, surveillance data had important for to know 
spatial distribution of disease, zero reporting and vaccination 
coverage of the area. But, in the district there is gab in time-
lines, accuracy and Completeness of surveillance data. In addi-
tion, almost all of the district stakeholders have no awareness 
on what will be done with the collected data

Use of laboratory in field investigation:

Laboratory diagnostics are the cornerstone of modern ani-
mal health management, providing the scientific basis for con-
trol and prevention strategies [20]. The link of veterinary labo-
ratory with filed epidemiology was not similar district to district 
and also country to country with different reason. Sodo regional 
veterinary laboratory was the responsible institution to provide 
diagnostic support for meskan district. But recently the link is 
poor due to administrative division. Therefore, the time to sam-
ple collection and getting permission from authorized office/
person too late, this affects the laboratory result and increase 
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disease impact. Almost all-time feedback was not addressed to 
the district.

Assessment of DOVARs

Animal surveillance data quality audit performed from 2020 
to 2025, between this year’s 71 DOVARs reports were expected 
from this only 17 reports send to responsible administration 
(east gurage zone).

Table 1: Available DOVAR formats between 2020 and 2025 in 
meskan district.

Reports Years Expected reports Sent reports

DOVAR 2020 12 3

DOVAR 2021 12 6

DOVAR 2022 12 3

DOVAR 2023 12 0

DOVAR 2024 12 0

DOVAR 2025 11 5

Total 71 17

The available reports were assessed in relation to the key 
data quality indicators such as completeness, accuracy and 
timeliness. But, in district there were small number of report 
store in the office and all staff member have no understand 
importance DOVARs and how to fill up the format due to this 
the report lacks quality and provide poor information. From the 
expected monthly DOVAR report 23.9% (17/71) were reported, 
while 76.1% (54/71) were not reported (Table 1). 

In the district, 41.2% (7/17) of the report were capitalization 
problems, 35.3% (6/17) of report missing data such as phone 
number, designation, date and district location and 11.8% 
(2/17) of report inaccurate location of district, 35.3% (6/17) of 
report were improper use DOVAR guideline, and also 23.5% of 
the district repot were received lately. 
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Figure 2: Total number of outbreak in meskane district.

When we see diseases outbreaks in the district, There were 4 
outbreak reported out of 17 reported DOVAR (Figure 2), (100%) 
all of the reported outbreak is foot and mouth disease and 2% 
FMD case fatality rate recorded (Table 2). 

Table 2: Total numbers of FMD disease outbreaks, morbidity 
and deaths reported during the period 2020 to 2025 in meskan 
district.

Year Diseases month Total outbreak Total cases Total death

2021 FMD Febuary 1 10 -

2021 FMD March 1 28 -

2025 FMD August 1 7 1

2025 FMD September 1 4 -

Total 4 49 1

The data show that there is zero outbreak report in 
2020,2022,2023 and 2024 and 2 FMD outbreaks in 2021 and 2 
FMD outbreaks in 2025, this due to there is no annual FMD vac-
cination in the district (Table 2).

Figure 3: Inaccurate location and misuse of DOVARs guideline.

When express geographical location of agive area using co-
ordinates (latitude and longitude), latitude is distance north or 
south of the equator it is 00 to 900 N or S, whereas longitude is 
distance east or west of the prime meridian it is 00 to 1800 E or 
W. But, in reported data both latitude and longitude of area is 
2400. 

We were observed also date of case reported come first than 
date of first case, this wrong because after cow sick the owner/
farmer report/brought to nearest animal health post/expert. 
The data also miss month of outbreak reported.

Figure 4: Misuse of DOVAR guideline.

We observed in above DOVAR data, there is disintegration 
of detail page and summery page. For example, in detail part 
number of case in the month 10 and in summery part number 
of new case 1. This indicates misuse of guideline. 
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Figure 5: Capitalization problems.

In the designation space the expert filled his/her signature

In cover page all the data filled in capital letter. But, in the 
reported format data are capitalized only first letter.

Discussion

The present study shows that from the expected month-
ly DOVAR report 23.9% (17/71) were reported, while 76.1% 
(54/71) were not reported. The obtained targeted data in the 
district measured with completeness, timeliness and accuracy 
like missing data, inaccurate data, and improper use of guide-
line. This is agreed with Adugna D et al 2025 the obtained tar-
geted data quality variable were missing data; inaccurate data 
and problem of timeliness were assessed DOVARs of Meta Wel-
kite agricultural office.

According to the current study 11.8% (2/17) of report inac-
curate location of district. This in line with Adugna D et al 2025 
who reported 7.3% inaccurate data were recorded in meta wel-
kite district, Oromia region. 41.2% (7/17) of the report were 
capitalization problems, 35.3% (6/17) of report missing data 
such as phone number, designation, date and district location 
and 35.3% (6/17) of report were improper use DOVAR guide-
line. Generally, 43.8% of the total DOVARs reports in meskan 
district, central Ethiopia were accuracy problems. Similarly, Ab-
duljami G 2022 42.8% of animal health surveillance data in Gu-
chi woreda, Borena zone, Ethiopia lacks accuracy such as typing 
error, improper filling of data, poor message

The present finding indicated that 23.5% of the district repot 
were received lately. This agrees with balcha 2022 that reported 
31.6% animal health surveillance data received lately in karsa 
district, jimma zone, Oromia, Ethiopia.

According to this study only 23.5% of DOVARs report indi-
cates outbreak occurrence. This higher than balcha 2022 that 
reported 6.7% is outbreak animal health surveillance data qual-
ity audit in karsa district, jimma zone, Oromia, Ethiopia. The 
outbreak 23.5% is lower than who reported 77% in their study 
on animal health surveillance DQA in Guchi Woreda.

The current study shows that only or 100% foot and mouth 
disease occurrence proportion observed in the district and 2% 
case fatality rate. This is due to there is no annual vaccination 
calendar for FMD and animals are not vaccinated against foot 
and mouth disease in the district. This agrees with Berhanu and 
Shibru 2016 that reported the result of high proportion rate 
shows as due to lack of attention for the Prophylaxis Vaccina-
tion of animals in the area.

Conclusion and recommendation

In meskan district, animal health surveillance data presents, 
but the surveillance system or way of reporting lacks accuracy, 
completeness and many of report lacks timeliness.  Based on 
above conclusion the following recommendation forwarded.

 	 Counitinous training and awareness need to improve 
quality of DOVARs

 	 The link communication between regional laboratory and 
filed/ district epidemiologist must improve.
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